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min. Adobe Latin 3 standard
Adobe Cyrillic 1+2
Monotonic Greek

In Sinews Sans, the modern proportions and open
forms of a technical sans are invigorated by organic
twists and inflections. Trim and trimmed, its multi-
plexed design — each character is the same width
across seven weights and styles — can bring weight
and strength to page or interface without sprawl or
reflow. At large sizes, details with calligraphic origins,
like the clipping of the | and tittle of the i, accent the
industrial design of some characters, and lend wit to
others.

The interplay between Sinews Sans’s industrial
structure and human spirit is not only visible in how
the supple diagonals of v, k and x play off against the
square forms of ‘round’ characters like 0 and e, it's
clearest in the italics and Greek. Sinews may not be a
calligraphic typeface, but in the subtle additional
curves of the italics, there’s handwritten flow.

Jakob Runge in 2011 and 2018

Like Cera, Sinews Sans'’s language support goes beyond
Latin to embrace Greek and Cyrillic, with alternates for
Bulgarian, Macedonian and Serbian. Where the Greek
develops Sinews’ human qualities, the italic Cyrillic bal-
ances the flair of cursive italics against the pragmatism
of oblique and slanted forms. Sharing widths only
across the weights of the italic we've packed Sinews
Sans with Stylistic Set 02, for those who need a com-
pletely cursive Cyrillic.

Trained for branding, exercised in information design
and readied for interfaces, Sinews Sans has all that
you would expect from a TypeMates font: many glyphs,
broad pan-European language support, and all the
OpenType features your typography needs.

OTF and TTF for Desktop and Apps, plus WOFF, WOFF2 and EOT for Web

Hairline Hairline Italic
Thin Thin Italic
Light Light Italic
Regular Regular Italic
Medium Medium lItalic
Bold Bold Italic
Black Black Italic

More than 144 languages: Latin - Afar, Afrikaans, Albanian, Azerbaijani, Basque, Belarusian, Bislama, Bosnian,
Breton, Catalan, Chamorro, Chichewa, Comorian, Croatian, Czech, Danish, Dutch, Esperanto, Estonian, Faroese,
Fijian, Filipino/Tagalog, Finnish, Flemish, French, Gaelic, Gagauz, German, Gikuyu, Gilbertese/Kiribati, Haitian-
Creole, Hawaiian, Hungarian, Icelandic, Indonesian, Irish, Italian, Javanese, Kashubian, Kinyarwanda, Kirundi,
Latin, Latvian, Lithuanian, Luba/Ciluba/Kasai, Luxembourgish, Malagasy, Malay, Maltese, Maori, Marquesan,
Moldovan/Romanian, Montenegrin, Nauruan, Ndebele, Norwegian, Oromo, Palauan/Belauan, Polish, Portuguese,
Quechua, Romanian, Romansh, Sami, Samoan, Sango, Serbian, Sesotho, Setswana, Seychellois-Creole, Swazi,
Silesian, Slovak, Slovenian, Somali, Sorbian, Sotho, Spanish, Swahili, Swedish, Tahitian, Tetum, Tok-Pisin,
Tongan, Tsonga, Tswana, Turkish, Turkmen, Tuvaluan, Uzbek, Wallisian, Walloon, Welsh, Xhosa, Zulu

Cyrillic > Abaza, Adyghe, Agul, Avar, Balkar, Bashkir, Belarusian, Bosnian, Bulgarian, Buryat, Chechen, Chukchi,
Chuvash, Crimean-Tatar, Dargin/Dargwa, Erzya, Ingush, Kabardian, Karachay, Karakalpak, Kazakh, Khinalugh,
Komi, Kumyk, Kyrgyz, Lak, Lezgian, Macedonian, Moksha, Moldovan, Mongolian, Montenegrin, Nanai, Nogai,
Ossetian, Russian, Rusyn, Rutul, Serbian, Tabasaran, Tajik, Tati, Tatar, Turkmen, Tuva, Uighur, Ukrainian, Uzbek

Greek > monotonic Greek

More

Free DemoFonts www.typemates.com/fonts/sinews-sans-prottry
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, Modern proportions and open
forms of a technical sans are
invigorated by organic twists
and inflections.
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20/ 25 pt Sinews Sans Pro Hairline

Algorithms can perform calculation, data processir
automated reasoning tasks. As an effective methc
can be expressed within a finite amount of space
in a well-defined formal language for calculating ¢
Starting from an initial state and initial input (pert
the instructions describe a computation that, whe
proceeds through a finite number of well-defined
states, eventually producing "output” and terminc

20 / 25 pt Sinews Sans Pro Regular

Algorithms can perform calculation, data processit
automated reasoning tasks. As an effective meth
can be expressed within a finite amount of space
in a well-defined formal language for calculating «
Starting from an initial state and initial input (per|
the instructions describe a computation that, whe
proceeds through a finite number of well-defined
states, eventually producing “output” and terminz

20 / 25 pt Sinews Sans Pro Black

Algorithms can perform calculation, data processii
avtomated reasoning tasks. As an effective meth
can be expressed within a finite amount of space
in a well-defined formal language for calculating :
Starting from an initial state and initial input (per
the instructions describe a computation that, whe
proceeds through a finite number of well-defined
states, eventually producing “output” and termin:

7 /9,5 pt Sinews Sans Pro Light

Algorithms can perform calculation, data proc
and automated reasoning tasks. As an effectit
method, an algorithm can be expressed withi
finite amount of space and time and in a well
formal language for calculating a function. Ste
from an initial state and initial input (perhaps
the instructions describe a computation that,
executed, proceeds through a finite number o
well-defined successive states, eventually prc

“output” and terminating at a final ending stat

transition from one state to the next is not ne
deterministic; some algorithms, known as rar
algorithms, incorporate random input. The col
of algorithm has existed for centuries and the
the concept can be ascribed to Greek mathem
e.g. the sieve of Eratosthenes and Euclid'’s alg
the term algorithm itself derives from the Sth
mathematician MuNammad ibn MUsa al’Khw:
latinized ‘Algoritmi’. A partial formalization of
would become the modern notion of algorithr
with attempts to solve the Entscheidungsprot

7 /9,5 pt Sinews Sans Pro Regular

Algorithms can perform calculation, data proc
and automated reasoning tasks. As an effecti
method, an algorithm can be expressed withi
finite amount of space and time and in a well
formal language for calculating a function. St
from an initial state and initial input (perhaps
the instructions describe a computation that,
executed, proceeds through a finite number o
well-defined successive states, eventually prc

“output” and terminating at a final ending stat

transition from one state to the next is not ne
deterministic; some algorithms, known as rar
algorithms, incorporate random input. The col
of algorithm has existed for centuries and the
the concept can be ascribed to Greek mathem
e.g. the sieve of Eratosthenes and Euclid’s alg
the term algorithm itself derives from the 9th
mathematician MuNammad ibn MUsa al'Khwi
latinized ‘Algoritmi’. A partial formalization of
would become the modern notion of algorithr
with attempts to solve the Entscheidungsprot

7 /9,5 pt Sinews Sans Pro Bold

Algorithms can perform calculation, data proc
and automated reasoning tasks. As an effecti
method, an algorithm can be expressed withi
finite amount of space and time and in a well
formal language for calculating a function. Sti
from an initial state and initial input (perhaps
the instructions describe a computation that,
executed, proceeds through a finite number o
well-defined successive states, eventually prc

“output” and terminating at a final ending sta

transition from one state to the next is not ne
deterministic; some algorithms, known as rar
algorithms, incorporate random input. The co|
of algorithm has existed for centuries and the
the concept can be ascribed to Greek mathem
e.g. the sieve of Eratosthenes and Euclid’s alg
the term algorithm itself derives from the 9th
mathematician MuBammad ibn Masa al’Khwi
latinized ‘Algoritmi’. A partial formalization of
would become the modern notion of algorithr
with attempts to solve the Entscheidungsprol
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7 /9,5 pt Sinews Sans Light + Regular

Machine learning is a subset of artificial int¢
the field of computer science that often use|
techniques to give computers the ability to
progressively improve performance on a sp¢
data, without being explicitly programmed.
machine learning was coined in 1959 by Artt
Evolved from the study of pattern recognitic
putational learning theory in artificial intelli
learning explores the study and constructiof
that can learn from and make predictions or
algorithms overcome following strictly stati(
instructions by making data-driven predictic
through building a model from sample input
learning is employed in a range of computir|
designing and programming explicit algorith
performance is difficult or infeasible; examp
include email filtering, detection of network
malicious insiders working towards a data £
character recognition (OCR), learning to rank
vision. Machine learning is closely related t¢
overlaps with) computational statistics, whi

7 /9,5 pt Sinews Sans Regular + Medium

Machine learning is a subset of artificial int¢
the field of computer science that often use!
techniques to give computers the ability to
progressively improve performance on a spe¢
data, without being explicitly programmed.
machine learning was coined in 1959 by Artl
Evolved from the study of pattern recognitic
putational learning theory in artificial intelli
learning explores the study and constructiol
that can learn from and make predictions or
algorithms overcome following strictly stati(
instructions by making data-driven predictic
through building a model from sample inpui
learning is employed in a range of computir
designing and programming explicit algoritt
performance is difficult or infeasible; examp
include email filtering, detection of network
malicious insiders working towards a data b
character recognition (OCR), learning to ran}
vision. Machine learning is closely related tc
overlaps with) computational statistics, whi

7 /9,5 pt Sinews Sans Medium + Bold

Machine learning is a subset of artificial inte
the field of computer science that often use
techniques to give computers the ability to
progressively improve performance on a sp¢
data, without being explicitly programmed.
machine learning was coined in 1959 by Art|
Evolved from the study of pattern recognitic
putational learning theory in artificial intelli
learning explores the study and constructiol
that can learn from and make predictions o1
algorithms overcome following strictly stati(
instructions by making data-driven predictic
through building a model from sample inpui
learning is employed in a range of computir|
designing and programming explicit algorit|
performance is difficult or infeasible; examp
include email filtering, detection of network
malicious insiders working towards a data b
character recognition (OCR), learning to ranl
vision. Machine learning is closely related tc
overlaps with) computational statistics, whi

9 /1,7 pt Sinews Sans Light + Regular

Machine learning is a subset of artificial intellig
the field of computer science that often uses st
techniques to give computers the ability to “le:
progressively improve performance on a specif
with data, without being explicitly programme
name machine learning was coined in 1959 by
Samuel. Evolved from the study of pattern reco
tion and computational learning theory in artif
intelligence, machine learning explores the stu
construction of algorithms that can learn from

make predictions on data - such algorithms ov
following strictly static program instructions by
data-driven predictions or decisions, through b
a model from sample inputs. Machine learning
ployed in a range of computing tasks where de
and programming explicit algorithms with goo
formance is difficult or infeasible; example app

9 /11,7 pt Sinews Sans Regular + Medium

Machine learning is a subset of artificial intellig
the field of computer science that often uses st
techniques to give computers the ability to “le:
progressively improve performance on a specif
with data, without being explicitly programme
name machine learning was coined in 1959 by .
Samuel. Evolved from the study of pattern reco
tion and computational learning theory in artif
intelligence, machine learning explores the stu
construction of algorithms that can learn from

make predictions on data - such algorithms ov
following strictly static program instructions by
data-driven predictions or decisions, through b
a model from sample inputs. Machine learning
ployed in a range of computing tasks where de
and programming explicit algorithms with goo
formance is difficult or infeasible; example app

9 /1,7 pt Sinews Sans Medium + Bold

Machine learning is a subset of artificial intellig
the field of computer science that often uses si
techniques to give computers the ability to “le:
progressively improve performance on a specif
with data, without being explicitly programme
name machine learning was coined in 1959 by .
Samuel. Evolved from the study of pattern reca
tion and computational learning theory in artif
intelligence, machine learning explores the stu
construction of algorithms that can learn from

make predictions on data - such algorithms ov
following strictly static program instructions by
data-driven predictions or decisions, through b
a model from sample inputs. Machine learning
ployed in a range of computing tasks where de
and programming explicit algorithms with goo
formance is difficult or infeasible; example app

12 /15,4 pt Sinews Sans Light + Regular

Machine learning is a subset of artificial intel
ce in the field of computer science that often
statistical techniques to give computers the ¢
to “learn” (i.e., progressively improve perforr
on a specific task) with data, without being ¢
citly programmed. The name machine learnii
coined in 1959 by Arthur Samuel. Evolved fror
study of pattern recognition and computatior
learning theory in artificial intelligence, mact
arning explores the study and construction o
rithms that can learn from and make predicti
data - such algorithms overcome following s
static program instructions by making data-c

12 /15,4 pt Sinews Sans Regular + Medium

Machine learning is a subset of artificial intel
ce in the field of computer science that often
statistical techniques to give computers the ¢
to “learn” (i.e., progressively improve perforr
on a specific task) with data, without being ¢
citly programmed. The name machine learnii
coined in 1959 by Arthur Samuel. Evolved fror
study of pattern recognition and computatior
learning theory in artificial intelligence, mact
arning explores the study and construction o
rithms that can learn from and make predicti
data - such algorithms overcome following s
static program instructions by making data-c

12 /15,4 pt Sinews Sans Medium + Bold

Machine learning is a subset of artificial intel
ce in the field of computer science that often
statistical techniques to give computers the :
to “learn” (i.e., progressively improve perforr
on a specific task) with data, without being ¢
citly programmed. The name machine learnil
coined in 1959 by Arthur Samuel. Evolved froi
study of pattern recognition and computatiol
learning theory in artificial intelligence, macl
arning explores the study and construction o
rithms that can learn from and make predicti
data - such algorithms overcome following s
static program instructions by making data-c
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20/ 25 pt Sinews Sans Pro Hairline

ANropUTm — Habop UHCTPYKUUU, 0NUCBIBAKOLUX |
nedcTsull UCnoaHUTeNs 419 J0CTUKEHUS] HeKOTO
pe3yneTaTa. B cTapoi TPaKTOBKe BMECTO Cf10Ba «
/ICMOSb30Bas10Ch CI0BO «MOC1eA0BaTeNIbHOCTEY,
DA3BUTUA NapanNeNsHoCTV B paboTe KoMMNboTep
«N0CNe0BaTEeNbHOCTEY CTail 3aMeHATL bonee ¢
«NOpAnoK». HesaBMcUMble MHCTPYKLMAN MOTYT Bb
NPOM3BOSIbHOM MOPAAKE, NapanfensHo, ecn 3TC

20 / 25 pt Sinews Sans Pro Regular

Anroputm — Habop UHCTPYKUUU, ONUCLIBAOWUX |
AelcTBull uchonHuUTena Aas A0CTUXKeHUs HeKOTO
pe3ynbTarta. B cTapon TpaKTOBKE BMECTO C/10Ba «
MCNONb30BaAI0Ch C/IOBO «MNOC/EA0BATENBbHOCTLY,
Pa3BUTUA NapannenbHOCTK B paboTe KomMnbloTep
«NOCNeao0BaTENbHOCTLY» CTaNM 3aMeHATb bonee ¢
«nopaaoK». HezaBUCMMbIE NMHCTPYKLMU MOTYT Bb
MpOM3BOJZIbHOM MOpAAKe, NapanfenbHo, ecin 3TC

20 / 25 pt Sinews Sans Pro Black

Anropitm — Habop uHcTpyKkyuil, ONUCLIBAIOWUX
AelicTBuill ucnonHuUTeNns ANA AOCTUXEHUS HEKOTG
pe3ynerara. B cTapoi TpaKTOBKe BMECTO C/10Ba «
MCNOJIb30BaIOCh C/IOBO «NOC/ICAOBATE/IbHOCTLY,
pa3BMTMS NapannenbHocTy B pabore xomnbioTep
«NOCNeAOBaTENIbHOCTbN CTANMN 3aMeHaTb 6onee ¢
«nopapok». HesaBMCUMbIe MHCTPYKLIUM MOFYT Bb
NPOU3BOJIbHOM NOpAAKe, NapannenbHo, eCAU 3TC

7 /9,5 pt Sinews Sans Pro Light

AnropuTtm — Habop UHCTpyKuUl, onucbiBaKU
nopsAoK AelicTBull ucnonHUTensa Ana A0CTUx
HeKoToporo pesynbTaTd. B cTapoit TpakToBKe
BMECTO C/10Ba «MOPALOK» 1CM0Nb30Banoch C
«MOCNeA0BaTENIbHOCTLY, HO MO Mepe pa3BuTh
napannenbHocT B paboTe KOMMbIOTEPOB CAC
«MOCeA0BaTENbHOCTLY CTAIN 3aMeHATb 6or
C/I0BOM «MOPAA0K». He3aBMCUMbIe UHCTPYKL
MOrYT BbINOMHATLCH B MPOV3BO/IbHOM NOpSAA
napannefibHo, eCIn 3T0 NO3BONAIOT UCMOMb3)
UCNonHUTeNK. PaHee B pycCKOM A3blke Nucan
«anropudm», ceiyac Takoe HanmcaHue UcnoJ
penko, Ho, TeM He MeHee, MIMEeeT MeCTO VCK/
(HopmanbHbIt anropudm Mapkosa). Yacto B
KayeCTBE UCMONHUTENA BbICTYNAET KOMIMbIOT!
NOHATWE anroprTMa Heobs3aTenbHO 0THOCUT
KOMMbOTEPHbIM NMPOrpamMmMaM, Tak, HanpuMe
OMUCAHHbIY peLenT npuroToBneHus baoaa T
ABIAETCA aNropuTMOM, B TaKOM CIly4ae ucnc
ABNAETCS YenoBeK (2 MOXKET BbiTb M HEKOTOE
MEXaHW3M, TKaLKWi1 CTaHOK, 1 Mp.). MoXHo E

7 /9,5 pt Sinews Sans Pro Regular

AnropdTtm — Habop UHCTpYKUul, onuceiBaru
nopaaoK AelicTBull ucnonHUTeNs ANA AOCTUX
HeKoToporo pe3yneTata. B ctapoi TpakToBKe
BMECTO C/10Ba «MOPALOK» UCNONb30BaNoCh C.
«MoCneA0BaTENIbHOCTLY, HO MO Mepe PasBuTH
napannenbHocTV B paboTe KOMMbIOTEPOB C/¢
«MOCNeA0BaTENbHOCTLY CTANN 3aMeHsTb 6or
C/I0BOM «NOPAAO0KY. He3aBUCMMbIE MHCTPYKL
MOTyT BbINOMHATLCA B NPOVU3BOIbHOM MOPSA
napannenbHo, ecin 3To NO3BONIAIOT UCMOMb3)
ncnonHuTenu. PaHee B pycckoM A3bike nucan
«anropudm», cenyac Takoe HanucaHue ncnol
peaKo, Ho, TeM He MeHee, UMeeT MEeCTO UCKN
(HopmasnbHbIi anropudm Mapkosa). YacTo B
KaYecTBe UCMOJSTHUTENS BbICTYNAET KOMMbIOT!
NOHATME anropuTMa Heobs3aTenbHO 0THOCKT
KOMMbIOTEPHbIM NPOrpamMmMam, Tak, Hanpume
OMNWCaHHbIN peLenT npurotoBnenus bnwopa T
ABNAETCA aNTOPUTMOM, B TAKOM C/Ty4ae ncnc
ABMIAETCA YeNoBeK (a MOXeT BbiTb U HEKOTOR
MEXaHM3M, TKaLKWit CTAHOK, W Mp.). MOXHO E

7 /9,5 pt Sinews Sans Pro Bold

Anropitm — Ha6op UHCTpyKyuii, onucviBaioy
nopsaaok aelictBuii ucnonHuTens Ang AoCTUx
HeKoToporo pe3ynvrara. B cTapoii TpaKToBKE
BMECTO C/I0BA «MOPSZAO0K» UCNONb30BANOCH C.
«nocneaoBaTeNIbHOCTbLY, HO N0 Mepe Pa3BuTI
napannenbHocTH B paboTe KOMNbIOTEPOB CI(
«nocneAoBaTeNIbHOCTbLY CTaNN 3aMeHATb 6or
CNOBOM «NOpSAAOK». He3aBUCUMbIE MHCTPYKL
MOryT BbINONHATLCA B NPOU3BONILHOM nopsa
napannenbHo, ecn 3To NO3BONAIT UCNONb3)
ncnonHutenu. PaHee B pycCcKOM fi3biKe nucan
«anropudm», ceiivac Takoe HaNMCaHMEe UCno.
PeAKo, Ho, TeM He MeHee, UMEET MEeCTO UCKN
(HopmanbHbliii anropudm Mapkosa). Yacto B
KauecTBe UCMONHUTENS BbICTYNAET KOMMNbIOT!
NOHATHE ANrOpMTMA Heobs3aTeNbHO OTHOCUT
KOMMbIOTEPHbIM NPOrpaMMam, TaK, HanpuM(
ONMCaHHbIi peuenT npurotoenexus 6aopa T
ABNSAETCA aNropuTMOM, B TAKOM Ciyyae ucnc
ABnseTcs Yenosek (a Mmoxer 6biTb M HeKoTop
MeXaHW3M, TKaLKMii CTaHOK, U np.). MOXHO E
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7 /9,5 pt Sinews Sans Light + Regular

MawumHHoe obyyeHue (aHrn. machine learn|
KacC MeTOL0B UCKYCCTBEHHOTO MHTENNEKT
YepTov KOTOPbIX ABAETCA He MPSMOe peLu(
a oby4eHue B npoLiecce NPUMeHeHUs peLle
CTBa CXOA4HbIX 334a4. [1ns NOCTPOEHNS TaKy
MCNONb3YIOTCA CPEACTBA MATEMATUYECKON (
YNCNEHHbIX METOL0B, METOA0B ONTVMM3AL,
BEPOATHOCTEN, TEOpUM rpadoB, Pa3NnYHbIe
Thbl C laHHbIMKM B LMdPOBOI hopme. VmeeT!(
06beKTOB (CUTyaumin) 1 MHOXXECTBO BO3MO),
(0TKMKOB, peakunit). CyLLecTBYeT HEKOTOR
MOCTb MeXzy 0TBeTamu 1 06beKTamu, HO (
13BeCTHA TOMbKO KOHEYHAs COBOKYMHOCTb
nap «obbekT, 0TBET», Ha3biBaeMas 0by4ai
Ha ocHoBe 3TVx faHHbIX TpebyeTca BoccTan
33BMCUMOCTb, TO €CTb NMOCTPOUTbL ANTOPUTM
N5 Moboro BO3MOXXHOI0 BXOAHOr0 06beKT
[0CTaTOYHO TOUHbIV KNAcCUPULMPYIOLLWIA
BMCUMMOCTb He 0053aTeNbHO BbIpaXaeTcs al
3/€eCb HeMpoCeT peanu3yioT NPUHLMN 3MN,
MUPYEMOro peLeHwvs. BaxHol ocobeHHoCT

7 /9,5 pt Sinews Sans Regular + Medium

MawwuHHoe o6y4enue (anrn. machine learn|
KNacc MeToA0B UCKYCCTBEHHOTO UHTENNEKT
4epToii KOTOPbIX ABNSAETCA HE NPAMOE peLu(
a obyyeHue B npoLiecce NpUMEHeHMUs pelle
CTBa CXOAHbIX 33/a4. 119 NOCTPOEHNA TaKy
MCNONb3yIoTCA CPEACTBA MAaTEMATHUYECKON (
YMCNEHHBIX METOA0B, METOA,0B ONTUMM3AL,
BEpOSATHOCTEN, Teopuu rpadoB, pasnnuyHbIe
Tbl C AaHHbIMKM B UmbpoBo popme. UmeeT
06beKToB (CUTyaLmi) 1 MHOXECTBO BO3MOY
(oTKkNMKOB, peakuuit). CyLuecTByeT HEKOTO
MOCTb MeXAy 0TBeTaMU 1 06beKTamm, Ho (
3BeCTHa TONIbKO KOHEYHAs COBOKYMHOCTb
nap «obbeKT, 0TBET», Ha3biBaeMas 0by4ar
Ha ocHoBe 3Tvx AaHHbIX TpebyeTca BoccTar
33BMCMMOCTb, TO €CTb MOCTPOUTb ANropUTM
Ans noboro BO3MOXHOro BXOAHOr0 06bekT
[0CTaTOYHO TOYHbIV KnaccubuumpyoLwwii ¢
BUCMMOCTb He 06s13aTenbHO BbipaxaeTcs al
30eCb HEMPOCETH PeaNu3yioT NPUHLMN M
MWPYeMOro peLleHus. BaxHoii ocobeHHocT

7 /9,5 pt Sinews Sans Medium + Bold

MawmuHHoe oby4yenue (anrn. machine learn;
KJIacC METO/10B UCKYCCTBEHHOTO MHTENNEKT
4epToit KOTOPLIX ABNAETCA HE NPAMOe peLw(
a obyueHue B npouecce NpUMEHeHuUs peLue
CTBA CXOAHbIX 33AaY. [l NOCTPOEHUA TaKy
MCMONb3YIoTCA CPeACTBA MAaTEMaTUUECKOM |
YUCNEHHbIX METO/I0B, METOA0B ONTUMM3ALY
BEPOATHOCTE, Teopuy rpadoB, pasiUyHbIe
Tbl C AAHHbIMK B UUdpoBoii popme. UmeeT(
06beKTOB (CUTyaLuil) U MHOXKECTBO BO3MOX
(oTknuKoB, peakumit). CyLuecTByeT HeKOTO
MOCTb MeXAy 0TBETaMM U 06bEKTaMK, HO (
N3BeCTHa TONbKO KOHEYHas COBOKYMHOCTb

nap «o6beKT, 0TBeT», HasbiBaemas 06yyar
Ha ocHoBe 3TUX AaHHbIX TpebyeTcs BOCCTaH
33BUCMMOCTb, TO €CTb NOCTPOUTL ANrOPUTM
Ans no6oro BO3MOXHOro BX0AHOTo 06beKT
AOCTaTOYHO TOYHbIA KNACCUDULIMPYIOLLWNIA ¢
BUCUMOCTb He 06513aTenbHO BbipaXaeTcs al
37eCb HeiipoceTH peanusyloT NPUHLMA 3MN
MUpYeMoro pelueHus. BaxxHoii ocobeHHoCT

9 /1,7 pt Sinews Sans Light + Regular

MaluuHHoe oby4eHue (aHrn. machine learning
ML) — Knacc MeTOAO0B UCKYCCTBEHHOMO UHTENS
XapaKTepHOW YepToi KOTOPbIX ABNSETCA He M
peLLeHune 3334u, a 0byyeHue B npoLecce npu
peLLeHN A MHOXECTBA CX0AHbIX 334a4. 114 no
TaKMX METOA0B MCMOMb3YHTCA CPeACTBa MaTel
YeCKOoW CTAaTUCTMKK, YUCIEHHbIX METOL0B, MET
ONTUMW33LMM, TEOPUM BEPOSITHOCTEN, TEOPUN
Pa3NNYHble TEXHUKM paboTbl C AaHHBIMK B LM
dopme. meeTca MHOXKeCTBO 06beKTOoB (CMTya
MHOXECTBO BO3MOXXHbIX OTBETOB (OTK/IMKOB, [
umit). CyLLecTByeT HeKOTOPas 3aBUCMMOCTb ME
0TBETAMU 1 06BEKTAMM, HO OHA HEW3BECTHA. b
TOMIbKO KOHEYHas COBOKYMHOCTb MpeLeeHToB
«0bbeKT, 0TBET», Ha3biBaeMas 0byyatoLLeit Bt
KOit. Ha ocHOBe 3TWx AaHHbIX TpebyeTcs BOCCT:
HEABHYI0 33aBUCUMOCTb, TO 8CTb NOCTPOUTD ani

9 /11,7 pt Sinews Sans Regular + Medium

MawumHHoe oby4eHue (aHrn. machine learning
ML) — Knacc MeTOA0B UCKYCCTBEHHOTO UHTENS
XapaKTepHOi1 YepToil KOTOPbIX ABNAETCA He N[
pelueHue 3aaa4u, a obyyeHune B npouecce npu
peLLeHnii MHOXXeCTBa CXOAHbIX 3aaa4. [1nsa no
TaKMX METOA0B MCMOJIb3yI0TCA CPeACTBa MaTe|
YeCcKoW CTaTUCTUKM, YNCIEHHbIX METOA0B, MET
oNTUMMU3aLMK, TEOPUKN BEPOATHOCTEN, TEOPUU
Pa3NnyHble TEXHUKM paboTbl C AaHHBIMU B LI
tdopme. imeeTca MHOXKeCTBO 06beKTOB (cuTya
MHOXXECTBO BO3MOXHbIX OTBETOB (OTK/IMKOB, [
umin). CywiecTeyeT HeKoTOpas 3aBUCMMOCTb ME
oTBeTaMu 1 06bEKTaMu, HO OHa HeW3BEeCTHA. b
TONbKO KOHEYHAsA COBOKYMHOCTb NpeLefeHTOoB
«06beKT, 0TBET», Ha3biBaemas 06yyatoLLeii BE
Koii. Ha ocHoBe 3Tux AaHHbIX TpebyeTcs BOCCT:
HesIBHYI0 3aBUCMMOCTb, TO ECTb MOCTPOUTB ani

9 /1,7 pt Sinews Sans Medium + Bold

MawmnHoe o6y4enue (aurn. machine learning
ML) — Knacc MeToA0B UCKYCCTBEHHOTO UHTENS
XapaKTepHOi YepToil KOTOPLIX ABNAETCA He N
pelueHue 3aAau4u, a obyyeHmne B npouecce npu
peLLeHnii MHOXeCTBa CX0AHbIX 3aAau4. [lns no
TaKMX METOA0B UCNOJIb3YIOTCA CPeacTBa MaTe
YeCKOoI CTaTUCTMKM, YNCSIEHHBIX METOAO0B, MeT
ONTMMU3ALMK, TEOPUU BEPOSATHOCTEN, TEOPUU
pa3NiMyHbIe TEXHUKKU PaboTbl C AAHHBIMU B LI
tdopme. UmeeTca MHOXecTBO 06bEKTOB (CUTYa
MHOXECTBO BO3MOXHbIX OTBETOB (OTK/MKOB, [
umit). CyLiecTeyeT HeKOTOpaa 3aBUCUMOCTb M
0TBETaMM M 06beKTamu, HO OHa HeU3BECTHA. |
TONIbKO KOHEYHasi COBOKYMHOCTb NpeL,eAeHTOB
«06beKT, 0TBET?, Ha3biBaeMas obyyaloLLeit Bt
Koi1. Ha ocHoBe 3TUX AaHHbIX TpebyeTca BOCCT:
HesIBHYI0 3aBUCMMOCTb, TO ECTb MOCTPOUTD ani

12 /15,4 pt Sinews Sans Light + Regular

MawwuHHoe obyyeHue (aHrn. machine learnir
ML) — KNacc MeTo[I0B UCKYCCTBEHHOO MHTE.
T, XapaKTEepHOM YepToN KOTOpbIX ABSETCS
npsMoe peLueHue 3a4a4m, a 0byyeHne B npc
NMPUMEHEHMS PELLEHUI MHOXECTBA CXO4HbIX
[1nA NOCTPOEHMS TaKMX METOA0B MCMOb3YK
CpeaCcTBa MaTeEMATUYECKON CTATUCTUKM, YNC.
MeT0/0B, METOA0B ONTUMM3ALMMK, TEOPUN B
ATHOCTEN, TeopuM rpadoB, Pas3iMyHbIe TEXHI
paboTbl C AaHHbIMKM B Undposoit hopme. N
MHOYeCTBO 00beKTOB (CUTyaumil) n MHOXeEC
BO3MOXHbIX 0TBETOB (OTK/IMKOB, peakLuit).

CTBYET HEKOTOPas 3aBUCMMOCTb MeXay OTBE

12 /15,4 pt Sinews Sans Regular + Medium

MawwmHHoe oby4eHue (aHrn. machine learni
ML) — Knacc MeToA0B UCKYCCTBEHHOMO MHTE.
Ta, XapaKTepHOI YepToil KOTOPbIX ABNAETCA
npsAMoe peLueHue 3agayvu, a 0byyeHue B npc
NPUMEHEHUS peLUeHU i MHOXXeCTBa CXOAHbIX
[N NOCTpOeHMA TaKMX MeTOA0B UCNOMb3YK
CpeacTBa MAaTEMATUYECKOM CTaTUCTUKK, YNC.
MeT0A0B, METOA0B ONTUMM3ALLMKN, TEOPUN B
ATHOCTEW, Teopun rpacoB, pa3nyHble TeXHI
paboTbl ¢ AaHHbIMKM B undposoit popme. Uv
MHOXECTBO 06bEKTOB (CUTyaLmii) U MHOXEC
BO3MOXHbIX OTBETOB (OTK/IMKOB, peakLmii).

CTBYET HEKOTOPAasi 3aBUCMMOCTb MeXay 0TBE

12 /15,4 pt Sinews Sans Medium + Bold

MawuHHoe oby4yeHue (aHrn. machine learnii
ML) — Knacc MeTOAOB MCKYCCTBEHHOIO UHTE.
Ta, XapaKTepHOW YepToil KOTOPbIX ABNAETCA
npsamoe peLieHue 3aAaum, a obyueHue B npc
NPMMEHEHUS PeLeHN MHOXXECTBA CXOAHbIX
Jna NocTpoeHUs Takux MeToA0B UCNOJIb3YK
CpeAcTBa MAaTEMATUYECKON CTaTUCTMKU, YUC
MeToA0B, METOAOB ONTUMU3ALUM, TEOPUU B
ATHOCTEMW, Teopuu rpadoB., passiyHble TEXHI
paboTbl ¢ sgaHHbIMKM B undposoin popme. Uv
MHO)XXecTBO 06beKTOB (cuTyaumit) u MHoXec
BO3MOXHbIX OTBETOB (OTK/IMKOB, peaKuuii).

CTBYeT HEKOTOPasa 3aBUCUMOCTb MEXAY OTB¢
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(c aAyopLtIuoc oplletol pLo TIETMEPOTLIEVT TELPO €'
QUOTNPO KAFOPLOPEVWY KOL EKTEAETLIWY OE TIETTE
YPOVO, TTIOU OTOXEVOLV OTNV ETTIAUCN EVOC TIPOBAT
omTAG (oAyOpLBpo) ovopddoupe plor oELpG ommo evc
OPX T KOL TEAOC, ELVOIL OODELC KoL EXOLV WC OKOTTO
KOTTOLOU TIPOPANUOTOC. H AEn oAyOpLBIOC TTPOED)
OLOTPLPRN Tou Iepan poBnUOTKOD MOYQUEVT LTIV
XOLOPLUL, N OTTOLO TTEPLELYE CUOTNHOTLKEC TUTTOTTC

Q¢ aAyopLSuoc opiletal pLo TIEMEPOGUEVN TELPA €
oUOTNPG KOSOPLOUEVWYV KOL EKTEAECLUWY OE TIETTE
XPOVO, TTIOU OTOXEUOUV 0TNV EMiAuan evoc poBAN
ommAG (oAyopLBuo) ovopddoupe pio GELPA OTTd EVTC
apxn Kol TEAOC, Eival ood el KOl EXOUV WCE OKOTIO
karrolou TipoBAnuatoc. H AEEn aAyoplBuocg rpoEp)
oLatpLPry tou NEpon paBnuoTkol MOYXGUEVT LUTTV
Xouapidpt, n OTTOLO TTEPLELYE CUOTNHOTLKEC TUTTOTTC

01¢ aAyopi9poc opileTal pia MEMEPOOUEVI) OEIPA €
auoTNPa KAJoPIoPEVWV KL EKTEAECIPWY OF MIEME
XpOvo, mou aToxsuouv otV emiAuon gvoc mpoBAn
amAd (aAyopiBpo) ovopdaoups pia celpa omo ev(
apyn kot TéAog, eival cadeig koL EXOUV W OKOTO
kamolovu mpoBAnpatoc. H A£En aAyopiBpog mpoép)
Swxtpipn Tou Népon pabnuatikov MoYGpEeVT LUV
Xouapilpt, n omoix MEPLEIXE CUCTNHATIKEC TUTIOTT(

7 /9,5 pt Sinews Sans Pro Light

¢ aAyopLSpog opileTal Lo IEMEPOTUEVN TEL
EVEPYELWV, QUATNPG KOSOPLOLEVWY KOL EKTEA
O€ TIEMEPUOLEVO XPOVO, TIOU OTOXEUOLV OTNV ¢
evd¢ rpoBAAuaTog. Mo armAd (oAyopBuo) ove
o oELpd oo EVTOAEG TTOU €x0UV aipX T KoL Té
OOdELC KAL £XOUV WG OKOTIO TNV ETTALON KGTTC
mpoBARpoToc. H AEn alyopLBuog TTpogpyetal
pia dLoTpLBr) Tou Népaon paBnuotikol Moyape
Mouao& oA-Xouopilut, n omola mepLeixe ouotn
TUTTOTTOLNHEVEG AUGELG OAYERPLKWY TIPOBANUG
amoTeel lowg TNV TTPWTN TARPN TIPOYHOTELD
‘EToL n A€En alydpLBpog koBLepwBnke apyd Tt
XA XpOvLD PE TNV €VVOLD «OUOTNHOTLKT HLot
QPLBUNTIKWV XELPLOPWVY. TN GNUEPLVA TNG O
™V 0delAeL OTN YPriyopn OVATITUEN TWV NAEK
UTTOAOYLOTWY 0TO HETD TOU 200V aLWvo. H éwy
TOL OAYOP{BHOU YiveTaL EVKOAGTEPD OVTLANTTT
TO TIOPOKGTW TTOPABELYHO. Av KAToLog emBug
VEUUOTLOEL B0 TIPETTEL VO EKTEAEDEL KATTOLD! GU
BrHOTO: VO CUYKEVTPWOEL TO UAMKG, VO TIPOET
TO OKEVUN HOVELPLKAG, VO TIPOOKEVATEL TO HO

7 /9,5 pt Sinews Sans Pro Regular

Q¢ aAydptSpog oplleToL pLo MeMepOOUEVN TEy
EVEPYELWV, QUOTNPA KXSOPLOPEVWVY KOL EKTEA
O€ TIEMEPAOUEVO XPOVO, TIOU OTOXEUOUV OTNV |
£vO¢ TpoBArpaTog. Mo omAd (aAyoptBuo) ovc
pio oeLp oo EVIOAEG TTOU €XOUV OIpXT| KOL T
oadeig kat £X0VV WG oKoTd TNV eMiAuon KATC
TipoBARUaTog. H AéEn alyopLBog Tipoépyetal
pio dLotpLBr) tou Népon paBnpotikol Moydue
Mouaod oA-XouapiZpt, n omoia TepLeixe ouotn
TUTTOTTOLNPEVEG AVOELG OAVERPLKWVY TIPOBANUG
amoteAel (owg TNV TPWTN AR PN TIPAYUOTEL
‘EtoL n A&En ayopLBpog kaBLepwBnke apyd T
XiAto xpdvia pe tnv évvola «ouaTnuaTiki o
OpLBUNTIKWY XELPLOPWYY. T onupepwi TG on
v odeileL oTn ypriyopn avamtuEn twv nAek
UTTOAOYLOTWY OTa péaa Tou 200U oLwva. H éwy
ToU oAyopiBuou yivetal EUKOAGTEPT OVTIANTTT
TO TTOPOKATW TTOPAGELYHO. Av KAmToLog emBuL
YEUHOTIOEL Bax TIPETTEL VO EKTEAETEL KATTOLD OU
BrjHoTo: VO CUYKEVTPWOEL TO UALKG, VO TIPOET
TO OKEUN HOYELPLKIG, VO TIOPOOKEVGOEL TO Ol

7 /9,5 pt Sinews Sans Pro Bold

0¢ aAydpi9poc opileTon pio memepacpévn oey
EVEPYELWVY, AUCTNPA KNIOPLOPEVWV KOl EKTEA
0€ MIEMEPAGHEVO XPOVO, TIOU GTOXEUOUV OTNV |
£v6¢ mpoBArfjpartog. Mo amAd (aAyépiByo) ovc
pia og1pd amd evtoAég ou éxouv apyr Kot Té
oadeic kat £Xouv wWC oKOTd TNV EMiAucn K
npopAfpatoc. H A¢En aAyopiBpog mpoépyetat
pia Suotpii} Tou Népon padnpotikos Moydpe
Moucé aA-Xouapilpy, n omoia mepieiye ocuotn
TutroTronpéveg AUoELS aAyeBpIkwY ipoPANpd
amoteAei iowg TV mpwtn MAfPN Mpaypateia
'EtoL N A€§n aAyopLBpog kaBiepwBnke apyd T
Xihx xpovia pe v évvola «ouotnpatiki o
aplBpnTkwy XelpLopwvy. Tn oNUEPIVE TG O
v odeiAer oTn ypriyopn avamtugn Twv nAek
UToAOYLGTWV 6T péca Tou 200U cwwva. H év
Tou aAyopiBpou yivetal ukoAdTepa avTIANTT
T0 TrapaKdrTw mapadelypa. Av kémolog emBuy
yeupatioeL Ba pEmeL v EKTEAEDEL KATIOLX OU
BrPOTO: VO GUYKEVTPWOEL TO UALKE, VO TIPOET
TO OKEUN PAYELPIKAG, VO TOPUGKEUAGEL TO o
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7 /9,5 pt Sinews Sans Light + Regular

Mnyxavikr paBnon eivat uomedio Tng MLOT
UTTOAOYLOTWV TIOU QVaTTUXBNKE oo Tr peN
pLONG TTPOTUTTIWV KOl TNG UTTOAOYLOTLKNAG Bew
oTnV TEXVNTH vonpoouvn. To 1959, 0 ApBoug
™ UNXaVIKR paBnon we "Medio peAétng oy
UTTOAOYLOTEG TNV LKavdTNTa Vo p&Baivouy, ¥
pNT& TIpoYpOpHOTLOTEL". H pnyavikn pdénor
HEAETN KOL TNV KOTOOKEUT oAyopiBUwy oy
p&Baivouv oo ta dedopéva Kal var Kavouy
OXETIKG PE OUTA. TEToloL oAydpLBoL AeLtoug
&{oVTOG HOVTEAD OTTO TIELPOLOTLKG HESOHEV(
va KAvouv TTPoBAERELG Boat{dpeveg ata Bed
€E&youv omod&aeLg Tou ekdpAlovTaL WG TO
H pnyowvikn pdBnon eival atevd ouvoedepey
OUYXEETOL E UTTONOYLOTLKT OTOTLOTLKT, VO
eTlong EMKEVIPWVETOL OTNV TTPOBAEWN PED
TWV UTTOAOYLOTWV. EXEL LOXUPOUE HETPOUG L
Kkr| BeAtlatomoinan, n omoio mapexeL HeBod(
KoL Topelg edoppoync. H Mnyavikn péBnon
pLor oELp& ammd UTTOAOYLOTLKEG EpYOaieg, OTTol
OOpGC 600 KOL 0 pNTAC TIPOYPOHHATLONOE TW

7 /9,5 pt Sinews Sans Regular + Medium

Mnyavikr péBnon ivow uromedio tng emiot
UTTOAOYLOTWV TTOU avamtOXBnke amo T peA
PLONG TIPOTUTIWV KOiL TG UTTOAOYLOTLKIG Bew
oTNV TEXVNTA vonpoaolvn. To 1959, o ApBoug
N UNXOQVLKN péBnon wg "Medio peAétng oy
UTTOAOYLOTEG TNV LKOVOTNTA Vo paBaivouy, X
pNT& TIPOYPOHHATIOTEL". H pnxavikn péenaor
HEAETN KOL TNV KOTOOKEUT adyopiBpwv oy
paBaivouv omd ta bedopéva Kal var K&vouv
OXETLKA PE aUTA. TETOLoL oAy6pLBuoL AgtToug
&ovTOG HOVTEAD QTG TTELPOHOTLKA HEGOEV
Vo Kavouv TipoBAEWELS Bool{opeveC oTa ded
€EAyouv omodAoELg TTou ekdpalovTal WG To
H pnxowikr pdBnon eival otevd ouvoedepéy
OUYXEETOL E UTTOAOYLOTLKI| OTOTLOTLKY, EVOC
ETTLONG ETLKEVTIPWVETAL 0TNV TIPOPBAEYN pET
TwV umoAoyLotwv. EXEL LoXupoUg SEopolg L
i} BeAtLotomoinan, n omoio TopExeL HEBAS(
KoL TOPELG epappoync. H Mnyavikn paBnon
HLOt OELPA OTTO UTTOAOYLOTLKEG EPYOTLEG, GOl
0opAg 600 KOL 0 pNTAC TIPOYPOUHATLOHOC TU

7 /9,5 pt Sinews Sans Medium + Bold

Mnyavikr pa8non eivon unomedio g emot
UTIOAOYLOTWV IOV avamTtuyBnke amo tn e
PLONG TIPOTUTIWV KAl TNG UTTIOAOYLOTIKIG BEW
oTNV TEXVATH vonpoalvn. To 1959, 0 ApBoug
TN pnxowvikn paénon wg "Medio peAétng moy
UTTIOAOYLOTEG TNV LKOVOTNTA Vo pGBaivouv, X
pnta mpoypoppatiotel”. H pnxavikn paénar
HeAETN KoL TNV Kotookeur) aAyopiBpwv oy
H&Baivouv amd ta dedopéva kol va kdvouv
OXETIKA pe autd. Tétolol adyopiBpoL Aettoug
adovrag HOVTEAX OmTd TIELpOpOTLKG SESOpEV(
va kavouv ripoBAéYeL Baat{opeveg ota b
eEayouv amopaceLg mou ekdpaovTaL we To
H pnyawvikr pdénon eivat otevd cuvoedepéy
OUYXEETOL PE UTIOAOYLOTIK) OTOTLOTIKY], €V
ETTLONG EMKEVTIPWVETAL OTNV TIPOBAEYN péc
Twv umoAoyLaTwv. ExelL Laxupoug Gopolg pi
i} BeAtLotomoinan, n omoia MopéyeL peBOS(
KoL Topeig epappoync. H Mnxaviki paBnon
Pl OELPA OTTO UTIOAOYLOTLKEG EPYOTILEC, OTTO|
0opAg 600 KOt 0 pNTOG TIPOYPOUPATLOHOC TU

9 /1,7 pt Sinews Sans Light + Regular

Mnxawvikn pabnon eival umomedio NG emoThyI
TWV UTIOAOYLOTWV TTOU OVOTTTUXBnKe omo Tn pe
TNG OVaYVWPLONG TIPOTUTIWV KOL TNG UTIOAOYLOT
Bewplag padnaong otnv TexvNT vonuoauvn. Tc
ApBoup S&UoUEA opllel TN UNXaVIKA pdbnon w
LEAETNG TTOL OIVEL OTOUG UTTOAOYLOTEG TNV LKOVC
p&Baivouy, xwpig va Exouv pnTG TTPOYPOUHOTL
LNXOWVLKT J&Bnon 6Lepeuva TN HEAETN KOL TNV |
OKeUr oAyopiBuwvy Tou pmopoly va paBaivouy
To 6DOpEVD KO VO KAVOUV TTPOBAEWELG OXETLK
oUTA. TETOLOL OAYOPLBIOL AELTOUPYOUV KOTOOKE
LOVTEAQ OTTO TTELPOUOTIKG OE60EVD, TIDOKELUE!
kdavouv TTpoBAEPELC BaoLldpeveg oTa GeOpEVD
€Edyouv omodaoeLg TTou ekdpadovTol we TO OT
Aeopa. H pnyowvikn paBnon eivol atevd ouvded
KOIL GUXVO OUYXEETOL PE UTTOAOYLOTLKT] OTOTLOTL
KAGO0G, TTOU ETTLONG ETTLKEVTIPWVETOL OTNV TIPOF

9 /11,7 pt Sinews Sans Regular + Medium

Mnyaviki paBnaen eival umonedio tng emotipl
TWV UTTOAOYLOTWVY TIOU avomTUyBnke amo tn pe
NG AVOYVWPLONG TIPOTUTIWY KOL TNE UTTIOAOYLOT
Bewpiag padBnong atnv TEXVNTH vonuoauvn. Tc
ApBoup Zdpoue opilel T PnXavIkA pabnon w
HEAETNG TTOU HIVEL OTOUG UTTOAOYLOTEC TNV LKOV(
pGBaivouy, Xwpig va EXouv pnTa TIPOYPOHKOTL
HNXOVLKN J&Bnon Slepeuvad Tn PEAETN KL TNV |
okeun oAyopiBuwv Tou propoulv va pdBaivouy
debopeva KaL v KGVouv TTPOBAEPELG OXETLKA |
Tétolol ocAydpLBpoL ALlToupyolV KOTOOKELALOV
HOVTEAQ OTTO TIELPOOTLKG BEGOUEVD, TIPOKELWE
kavouv TipoBAEPEL; BoaL{opeveg oTa edopEva
e€dyouv oMo AoeLg Tou ekPpAlovToL wE TO OT
opa. H unxavikn pabnon eival oteva ouvoedep
OUXVA OUYXEETOL L€ UTTOAOYLOTLKI OTOTLOTLKN, ¢
KAGG0G, IOV ETLONG ETILKEVTPWVETOL OTNV TIPOF

9 /1,7 pt Sinews Sans Medium + Bold

Mnyaviki paBnon eivon uonedio g emotipl
TWV UTIOAOYLOTWV TTOU avamrTuyBnke oo Tn pe
NG AVOYVWPLOHG TIPOTUTIWVY KOL TNC UTIOAOYLOT
Bzwpiag padnong otV TEXVNTA vonpooulvn. Tc
ApBoup Zapouel opilel T pnxaviki paénon w
peAéng Tou Sivel 0TOUG UTTOAOYLOTEG TNV LKOV(
pGBaivouv, Xwpig va Xouv pnTa TIPOYPOHHOTL
UNXaviki) HaBnon Slepeuva tn PEAETN KaL TV |
okeun oAyopiBuwv Tou PIropolv va pdBaivouy
Sebopéva koL va Kavouv TIpOPAEYPELG OXETLKA |
Tétolol aAyopiBpoL Asttoupyouv KOTOOKEVGOV
HOVTEAQ QMO TIELPOHOTIKG SEGOPEV, TIPOKELUE
kavouv TipoPAEYeLg Baal{opeveC ota Sedopéva
€Eayouv omopAceLg TTou ekpAlovToL WE To ar
opa. H pnxavikn pabnon givon oteva ouvbedep
OUXVG GUYYXEETOL JE UTIOAOYLOTIKI] OTOTLOTIKI], {
KAGSOC, IOV MGG ETMKEVIPWVETOL OTNV TIPOF

12 /15,4 pt Sinews Sans Light + Regular

Mnyxavikr paBnon eival utmomedio tng emotr
TWV UTTOAOYLOTWYV TTIOU BVOTTTUXBNKE OTTo TN |
NG OVOYVWPLONG TIPOTUTIWVY KOl TN UTTOAOYL
KNG Bewplag pdBnong otnv texvnTh vonuoot
1959, 0 ApBoup ZauoueA opilel TN PNXOVLKA |
wg "Medlo peAetng TTov 6ivel aToug UTTOAOYLO
(KOVOTNTO VO YaBaivouy, Xwplg va Exouv py
YPOUUOTLOTEL". H pnyavikn paBnon dlepeuva
AETN KOL TNV KOTOOKEUT 0AyopiBuwy Tou Ut
v JaBaivouy armo to dedopeva KoL Vo KAvoL
BAEWELC OYETIKG PE QUTA. TETOLOL aAyOpLBpOL
TOUPYOUV KOTOOKEVG{OVTOC HOVTEAN OTTO TTEL
TIKG 6EOOPEVD, TIPOKELPEVOU VO KAVOUV TIPOf

12 /15,4 pt Sinews Sans Regular + Medium

Mnxoawvikr paBnaon eival umomedio tng emotr
TWV UTTOAOYLOTWYV TTIOU avVaITTUXOnKe amo TN |
TNG avayvwWPLONG TIPOTUTIWVY KaiL TG UTToAoV!
K¢ Bewpiag padnong atnv TeXvnT vonuoot
1959, 0 ApBoup ZapoueA opilel TN PNXOVLKA |
w¢ "Medio peAéTng Tou 6ivel oToug UTToAOYLO
LKovoTnTa va aBaivouy, Xwpig va exouv pn
ypopHatLoTer”. H pnyavikn padnaon depeuva
AETN KOL TNV KOTOOKELT) OAYOpIBUWY TToU Pt
VO HGaBaivouy ommo o HE60UEVD KOL VOl KAVOL
BAEWELG OXETIKA e ouTA. TETOLOL aAyOpLBpOL
TOUPYOUV KOTOOKEUAJOVTOC HOVTEAD OTTO TTEL
TIKG 6E6OPEVD, TIPOKELLEVOU VO KAVOUV TTPOf

12 /15,4 pt Sinews Sans Medium + Bold

Mnxaviki) paBnon eivon uonedio tng emotr
TWV UTTOAOYLGTWVY TIOU avamrtuYBnke omo T |
TG AVOYVWALCT TPOTUTIWVY KAl THG UTToAOY!
K¢ Bswpiag padnong otnv TEXVNTH Vonpoot
1959, 0 ApBoup ZAUOUEA opileL TN PNXOAVLKI |
w¢ "Medio peAétng mou bivel oToug umoAoyLo
LkavoTNTa Vo pdBaivouv, Xwpig va €xouv py
ypoppatiotel”. H pnyaviki paénon diepeuva
A£TN KoL TNV KOTOOKELT 0AYOPiBHWY TTOU M
va paBaivouv amd ta Sedopéva Kot va KAvol
BAEWELG oXETIKA pE auTd. TéETolol aAyopLBpol
TOUPYOUV KOTOOKEVAOVTOG HOVTIEAN OO TEL
TIKG Hedopéva, TIPOKELPEVOU VO KAVOUV TIPOf
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;tr{,';}ceze; 01 (upright) mega energy gateway g gyvg
f:gli?:;cﬁiset 02 (italics) rog (bu.l'le TOHHQ 200 nomm
Fractions It's 31/20 inches wide Y20
Lining Figures Good 3.752.140 Rhythm 3.752.140
Tabular Figures € 7.016 + P 6.018 € Z 9&@ P E B%%
€7.016 + £ 6.018 €7.016+ £ 6018
Proportional Figures 3.752.140 Milliseconds 3.752.140
Denominators, Numerators 12345/67890 12345/57890
Scientific Inferiors, Subscript X76 + y27 H20-Reduction 76 27 >
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